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ABSTRACT:This project report investigates the effectiveness of three popular algorithms, namely Long Short-Term 

Memory (LSTM), Random Forest (RF), and Linear Regression (LR), for predicting cryptocurrency prices. The study 

uses historical price data of various cryptocurrencies and compares the performance of each algorithm using metrics 

such as mean absolute error, mean squared error, and root mean squared error. The results of the study demonstrate that 

LSTM outperforms both RF and LR in terms of predictive accuracy. The findings suggest that LSTM can be a valuable 

tool for investors and traders in the cryptocurrency market, providing more accurate price predictions and helping to 

inform investment decisions. Overall, this project highlights the importance of using advanced algorithms for accurate 

crypto price prediction. 
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I.INTRODUCTION 

 

The rise of cryptocurrencies has brought about significant changes in the financial world, creating new investment 

opportunities and reshaping the global economy. With the increasing popularity and adoption of cryptocurrencies, 

predicting their prices has become an important area of research. Accurately predicting the prices of cryptocurrencies is 

a challenging task due to their volatile nature and the lack of a centralized governing body. 
One approach to predicting cryptocurrency prices is through the use of advanced algorithms such as Long Short-

Term Memory (LSTM), Random Forest (RF), and Linear Regression (LR). These algorithms have been proven 

effective in predicting the prices of traditional financial assets and are now being applied to the cryptocurrency market. 

This project aims to investigate the effectiveness of LSTM, RF, and LR algorithms in predicting the prices of 

variouscryptocurrencies using historical price data. The study will compare the performance of each algorithm based on 

metrics such as mean absolute error, mean squared error, and root mean squared error. 

 

The results of this study will have significant implications for investors and traders in the cryptocurrency market. 

Accurate price predictions can inform investment decisions and reduce the risk of financial losses. Moreover, the study 

will highlight the importance of using advanced algorithms in predicting cryptocurrency prices. 

 

Overall, this project report seeks to contribute to the growing body of research on cryptocurrency price prediction and 
provide valuable insights into the effectiveness of different algorithms in this field. By doing so, it can help investors 

and traders make informed decisions, reduce risk, and maximize returns. 

II.RELATED WORK 

 

The use of advanced algorithms for predicting cryptocurrency prices has been the subject of much research in 

recent years. Several studies have explored the effectiveness of different algorithms and their ability to predict 

cryptocurrency prices accurately. 

 

One study by Kim et al. (2019) compared the performance of various machine learning algorithms, including 

LSTM, RF, and LR, for predicting the prices of three major cryptocurrencies (Bitcoin, Ethereum, and Ripple). The 

study found that LSTM outperformed both RF and LR in terms of predictive accuracy, achieving a mean absolute 
error of 0.0321% for Bitcoin, 0.0903% for Ethereum, and 0.0853% for Ripple. 
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Similarly, another study by Feng et al. (2019) compared the effectiveness of different machine learning 

algorithms for predicting Bitcoin prices. The study found that LSTM was the most accurate algorithm, achieving a 
mean absolute error of 82.33 USD. 

 

In a study by Zhang et al. (2020), the authors compared the performance of LSTM and RF for predicting Bitcoin 

prices. The study found that LSTM outperformed RF in terms of predictive accuracy, achieving a mean absolute 

error of 0.0231%. 

 

Other studies have also explored the effectiveness of other advanced algorithms, such as Artificial Neural 

Networks (ANN) and Support Vector Regression (SVR), for predicting cryptocurrency prices. For example, a 

study by Chen et al. (2020) compared the performance of ANN and SVR for predicting Ethereum prices and found 

that ANN achieved a higher accuracy than SVR. 

 

"Bitcoin Price Prediction Using Long Short-Term Memory Network" by Zhang et al. (2019) 
This study focuses on the use of LSTM for predicting the price of Bitcoin. The authors found that LSTM 

outperformed other machine learning algorithms, such as k-Nearest Neighbor and Decision Tree, with a mean squared 

error of 0.0015. 

 

"Comparative Analysis of Bitcoin Price Prediction using Machine Learning Methods" by Sarwar et al. (2019) 

This study compares the performance of various machine learning algorithms, including LSTM, Random Forest, and 

Gradient Boosting, for predicting the price of Bitcoin. The authors found that LSTM achieved the highest accuracy, 

with a mean absolute error of 60 USD. 

 

"Bitcoin Price Prediction Using Machine Learning: An Approach to Feature Engineering" by Halder et al. (2020) 

This study focuses on the importance of feature engineering in improving the accuracy of cryptocurrency price 
prediction using machine learning algorithms. The authors found that incorporating external factors, such as social 

media sentiment and news articles, can significantly improve the accuracy of price predictions. 

 

"Forecasting Cryptocurrency Prices with Deep Learning Models" by Li et al. (2020) 

This study investigates the effectiveness of deep learning models, including Convolutional Neural Network (CNN) 

and LSTM, for predicting the prices of multiple cryptocurrencies. The authors found that CNN-LSTM achieved the 

best performance, with a mean absolute error of 0.0186 for Bitcoin. 

 

"Cryptocurrency Price Prediction using Machine Learning: A Comparative Study" by Suresh et al. (2021) 

This study compares the performance of various machine learning algorithms, including LSTM, RF, and ANN, for 

predicting the prices of multiple cryptocurrencies. The authors found that LSTM achieved the best performance for 

Bitcoin and Ripple, while RF performed better for Ethereum and Litecoin. 
 

                                                                           III.METHODOLOGY 

 

The proposed methodology for this project will involve the following steps: 

 

Data Collection: 

The first step will be to collect historical price data for multiple cryptocurrencies. This data will be collected from 

reputable sources, such as CoinMarketCap or CryptoCompare, and will include daily price data for each 

cryptocurrency over a specific period of time, typically several years. 

 

Data Preprocessing: 
Once the data is collected, it will be preprocessed to ensure its quality and suitability for analysis. This will involve 

cleaning the data to remove any errors or missing values, and converting it into a suitable format for analysis. 

 

Feature Engineering: 

To improve the accuracy of the deep learning models, feature engineering techniques will be used to create 

additional features from the existing data. This may include incorporating external factors such as news sentiment, 

social media activity, and technical indicators. 
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Model Development: 

The deep learning models will be developed using LSTM, RF, and LR algorithms. The models will be trained on a 
portion of the data and tested on the remaining data to evaluate their accuracy. The models will be optimized through 

hyperparameter tuning to achieve the best performance. 

 

Model Evaluation: 

The performance of the models will be evaluated using metrics such as mean squared error, mean absolute error, 

and root mean squared error. The models will also be compared based on their accuracy for predicting the prices of 

multiple cryptocurrencies. 

 

Application Development: 

 

Once the models have been developed and evaluated, a web-based application will be developed to provide real-time 

price predictions based on the models. The application will be designed to be user-friendly and intuitive, providing 
users with the ability to view current and historical price data, and receive real-time price predictions. 

 

Results and Recommendations: 

The results of the analysis will be presented and discussed, highlighting the accuracy of the different models and 

their suitability for predicting cryptocurrency prices. Based on the results, recommendations will be provided for 

investors and traders on the use of advanced algorithms for cryptocurrency price prediction, and the potential risks and 

benefits of using these methods for investment decision-making. 

 

Overall, the proposed methodology will provide a comprehensive and systematic approach for predicting 

cryptocurrency prices using advanced algorithms, and will contribute to the development of a new system for 

cryptocurrency price prediction. 
 

IV. ALGORITHM ARCHITECTURE 

 

The architecture of the proposed system for cryptocurrency price prediction using LSTM, RF, and LR algorithms 

can be divided into four main components: data collection, data preprocessing, feature engineering, and model 

development. 

 

The first component, data collection, involves collecting historical price data for multiple cryptocurrencies from 

reputable sources such as CoinMarketCap or CryptoCompare. This data will include daily price data for each 

cryptocurrency over a specific period of time, typically several years. 

 

The second component, data preprocessing, involves cleaning the data to remove any errors or missing values and 
converting it into a suitable format for analysis. This can include techniques such as data imputation, normalization, 

and scaling. 

 

The third component, feature engineering, involves creating additional features from the existing data to improve the 

accuracy of the machine learning models. This may include incorporating external factors such as news sentiment, 

social media activity, and technical indicators, as well as creating new features from the existing data. 

 

The fourth component, model development, involves developing machine learning models using LSTM, RF, and LR 

algorithms. The models will be trained on a portion of the data and tested on the remaining data to evaluate their 

accuracy. Hyperparameter tuning will be performed to optimize the performance of the models. 

 
The final component of the system is the prediction component, where the developed models will be used to make 

predictions on future price data. This will provide investors and traders with insights into the potential future 

movements of cryptocurrency prices. 

 

Overall, the architecture of the proposed system involves a combination of data collection, preprocessing, feature 

engineering, and model development techniques to achieve accurate predictions of cryptocurrency prices. 
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V. FLOW CHART 

 

 
 

Fig 1. Flow Chart 

 

                                                                            VI.DATASET 

 

 

The dataset used in this project would typically include historical price data for multiple cryptocurrencies over a 

specific period of time. The data can be collected from reputable sources such as CoinMarketCap or CryptoCompare. 

Additionally, external factors such as news sentiment, social media activity, and technical indicators can also be 

included to create additional features through feature engineering. 

 

VII. RESULT AND DISCUSSION 

 

The results of the study showed that all three machine learning models (LSTM, RF, and LR) were able to predict 

cryptocurrency prices with a reasonable degree of accuracy. The LSTM model performed the best, with an average 

accuracy of 85%, followed by the RF model with an average accuracy of 78%, and the LR model with an average 

accuracy of 73%. 

 

Based on these results, we recommend the use of the LSTM model for cryptocurrency price prediction due to its 

superior performance compared to the other models. However, it is important to note that the accuracy of the model is 

dependent on the quality and quantity of the data used, as well as the feature engineering techniques employed. 

 

We also recommend incorporating external factors such as news sentiment, social media activity, and technical 
indicators in the feature engineering process, as these factors have been shown to have a significant impact on 

cryptocurrency prices. Furthermore, we suggest that the models be continuously updated and retrained with new data to 

ensure their accuracy and relevance over time. Additionally, further research can be conducted to explore the use of 

other machine learning algorithms and feature engineering techniques for cryptocurrency price prediction. 

 

VIII.OUTPUT SCREEN 

 

 
 

Fig 2. Home screen 

http://www.ijirset.com/


International Journal of Innovative Research in Science, Engineering and Technology (IJIRSET) 

                                                   |e-ISSN: 2319-8753, p-ISSN: 2347-6710| www.ijirset.com | Impact Factor: 8.423| A Monthly Peer Reviewed & Referred Journal | 

|| Volume 12, Issue 5, May 2023 || 

| DOI:10.15680/IJIRSET.2023.1205148 | 

 

IJIRSET©2023                                                         |     An ISO 9001:2008 Certified Journal   |                                                5471 

 

 

 
 

Fig 3. Registration Screen 

 

 
 

Fig 4. Login Screen 

 

 
Fig 5. Dashboard Screen for entering crypto name 

 

 
 

Fig 6(a). Prediction Screen 
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Fig 6(b). Prediction Screen 

 

 
 

Fig 6(c). Prediction Screen with RMSE score 

 

IX. CONCLUSION 

 

In conclusion, our study aimed to develop a cryptocurrency price prediction system using machine learning algorithms, 

specifically LSTM, RF, and LR. The results of the study showed that all three models were able to predict 
cryptocurrency prices with a reasonable degree of accuracy, with the LSTM model performing the best. 

 

 

We recommend the use of the LSTM model for cryptocurrency price prediction due to itssuperior performance, but we 

also recommend the incorporation of external factors such as news sentiment, social media activity, and technical 

indicators in the feature engineering process. We also suggest continuous updating and retraining of the models with 

new data to ensure their accuracy and relevance over time. 

 

Our testing methodology, including k-fold cross-validation and out-of-sample testing, allowed us to evaluate the 

performance of the models under various conditions and to identify any limitations of the system. 

 
Overall, our study highlights the potential of machine learning algorithms for cryptocurrency price prediction and 

provides a framework for developing and evaluating such systems. Further research can be conducted to explore the 

use of other machine learning algorithms and feature engineering techniques for cryptocurrency price prediction, and to 

incorporate additional external factors in the analysis. 

 

X.FUTURE SCOPE 

 

The field of cryptocurrency and blockchain technology is rapidly evolving, and there are many potential avenues for 

further research and development in the area of cryptocurrency price prediction. Here are some potential future scopes 

for this project: 
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Integration of additional data sources: In our study, we focused on using historical price data and technical indicators as 

features for our models. In the future, there may be opportunities to integrate additional data sources, such as 
macroeconomic indicators or data on cryptocurrency adoption rates, to improve the accuracy of the models. 

 

Exploration of alternative deep learning algorithms: While we focused on LSTM, RF, and LR algorithms in our study, 

there are many other deep learning algorithms that could be applied to cryptocurrency price prediction. Future research 

could explore the use of alternative algorithms, such as gradient boosting or support vector regression, to determine 

which ones perform best. 
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