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ABSTRACT:  This project is about the development of a new toolbar extension for browsers with cross-browser support 

that has the feature of identifying phisher sites using a machine learning technique which is the Random Forest algorithm 

The phishing technique recently retained the top spot as the primary cyber threat, that’s why identifying it at the early 

stage of infection is so important for user safety. The extension evaluates website features and user’s activities to recognise 
the potential phishing attacks, capitalising on feature diversity applied in model training for website classification using 

a random forest algorithm. The extension extends its support across various browsers, such as Chrome, Firefox, and 

Edge increasing user safety, by noticing and directing the users away from malicious websites, so hence the possibility of 

falling for phishing attacks is less likely. The advanced technology covering machine learning and browser interaction is 

harnessed to supply people with a timely and prosperous antivirus, the campaign summing up in secure resource utilisation 

by different platforms. 
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I. INTRODUCTION 

 

The speed of development of the internet and digital technologies have resulted in unforeseen and impressive eases, and 

creation processes of communication, work, and transaction, to label the revolution. Nevertheless, this digital ecosystem 

is also vulnerable to security threats, like phishing attacks which are already a factor. Fraud schemes under the phishing 

attack format entail the black hat actors’ attempt to trick users into leaking confidential information, i.e., login username 

and password, credit card details, or personal data, through phoney websites or communication channels. Cybersecurity 

has witnessed rapid progress, including antiphishing measures, yet phishing incidents keep in existence, wisely disguising 

themselves as secured messages to humans and as well as technology. Phishing attacks can be devastating, after all causing 

financial losses, identity theft, and data misappropriation, and as well as being a prerequisite for reputational damage in 

individuals as well as business entities. Traditional ways of fighting to phish, like some common ones where we include 

a known phishing URL or static rules-based detections, always have certain difficulties in catching up with the advanced 

and changing techniques that are being used in phishing. The implication of this effect is that the immediate solution is 
qualitative and sophisticated enough to detect and neutralize the phishing techniques adequately on a real-time basis. 

Machine learning has been deployed as one of the potential techniques for improving the security of networks and other 

platforms that require email and networking security. ML algorithms can handle large datasets, figure out trends, and 

improve their accuracy as they learn from past instances for shrewd predictions and important decisions. With its capacity 

to take up complicated data sets, decreasing the predicted overfitting and giving some pretty accurate classification results, 

the Random Forest algorithm is a way to go, among ML algorithms. This is the research paper that introduces the brandnew 

detection method for phishing sites through the use of a machine learning algorithm of Random Forest classifier 

incorporated into the previously introduced browser extension. The extension is equipped with multi-browser support to 

facilitate its web browsers including popular broken MS like Chrome, Firefox and Edge. The extension takes up the 
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Random Forest algorithm's functionality to learn the factors such as website features, URLs, content nature, users' 

interactions, and others, and then makes its check results. The objectives of this paper are twofold: Their first main 

purpose is to demonstrate that the Random Forest classifier algorithm, which relies on various features, can predict 

phishing sites accurately. Also, they seek to show the established practical implementation of a browser plugin that 

improves phishing detection among different browser users in real time. The article will discuss the methodology that was 

utilized to train and test the Random Forest classifier, the feature selection process that was used, the implementing and 
the details of the browser extension, and the evaluation results that were obtained from testing and validation will be the 

subject matter. 

 

The presented paper is aimed at establishing the cutting edge of cybersecurity by developing machine learning techniques 

to fight against phishing, assisting in the battle against growing cyber vulnerability utilizing providing developed and 

operative web extensions, and supporting the ongoing struggle against these aggressive cybersecurity threats through 

this paper. The insights and results of this document are aimed at the future research and implementation development of 

cybersecurity activity, as well as studying machine learning secured methods. We saw phishing attacks have been getting 

more complex, based on social engineering, spoofing of domain names and creation of fake login pages to trick the users 

and evade identifying by usual security measures. Subsequently, rigid conventional strategies relying only on signature 

acknowledgement and hand-written-based methods usually have difficulties with the definition of new phishing attacks. 
This illustrates the need for the use of proactive and flexible supply chain management platforms that will utilize artificial 

intelligence in the process of phishing detection and prevention. The proposed browser extension's educational approach 

is not limited to just detecting phishing sites but also offering information to enable users to better understand the dangers 

and offering actionable insight to empower users; thus, enhancing their general knowledge and enabling them to put the 

information into action while browsing. As part of the feature set, using Random Forest algorithms to offload the 

extension's back-end processing, the program will maintain learning and responsiveness to the changes of phishing 

techniques and provide a sophisticated solution. This preventive mindset is very necessary to assure that the users are 

well secured against the risks of committing phishing scams in today's very complex digital world. 

 

II. DATASET 

 

The dataset which is the backbone of this project is also employed for the training and testing of machine learning 
classifiers, specifically for detecting phishing sites. It consists of a list of URLs that have been carefully tagged to ensure 

each URL bears a label indicating the website is a phishing site or a benign source. This labeling is seemingly needed 

for supervised learning algorithms which represent the ground truth concerning which the models can be tested against 

and evaluated. URL is the main tool that is listed inside the dataset These strings are required to address the website 

addresses of the websites that we examine and bring clean data for machine learning models. For instance, by investigating 

those URL string characteristics which are described by domain names, subdomains, path components, and query 

parameters the models can learn the related patterns and features that can show either the legitimate or phishing page 

characteristics. In the dataset, we have labels with binary classification, differentiating them into two categories which 

are phishing.  URLs and legitimate URLs. However, this binary classification function is the centre of the phishing 

detection mechanism, because, it allows the model to choose whether a URL is malicious or innocent. It does that by 

looking at the features extracted from the URL strings. The easy conversion of textual data to categorical labels makes 
the modelling process more facile and renders it possible to estimate model performance through metrics such as 

accuracy, precision, and recall. 

 

Overall, the dataset's structure and contents are in line with the task's requirements for the machine learning function, 

and they show a comprehensive article with annotations and clear labels of URLs which will produce more accurate 

phishing detection models. 

 

III. METHODOLOGY 

 

The creation of an extension for phishing detection through machine learning involves several pivotal phases, spanning 

from data preprocessing to model assessment and persistence. Each stage is essential in ensuring the efficacy and 

performance of the envisioned solution. 
 

A. DATASET COLLECTION AND PREPROCESSING: 

Collect a diverse dataset of labelled URLs indicating phishing or legitimate sites. 

Preprocess the dataset by extracting features from URL strings, such as domain names, subdomains, path components, 

http://www.ijirset.com/
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query parameters, and special characters. 

Encode the features into numerical or categorical representations suitable for machine learning algorithms. 

 

B. FEATURE ENGINEERING AND SELECTION: 

Conduct feature engineering to enhance the dataset with additional relevant features, such as domain age, SSL certificate 

presence, and IP reputation. 
 

Use techniques like TF-IDF (Term Frequency-Inverse Document Frequency) for text-based features to capture the 

importance of terms within URL strings. 

 

Apply feature selection methods, such as mutual information, chi-square, or recursive feature elimination, to identify the 

most informative and discriminative features for phishing detection. 

 

C. MACHINE LEARNING MODEL TRAINING: 

Split the preprocessed dataset into training and testing sets for model evaluation. 

Explore various machine learning algorithms suitable for binary classification tasks, such as Random Forest, Support 

Vector Machines (SVM), Logistic Regression, and Gradient Boosting. 
Train multiple models using the training dataset and evaluate their performance using metrics like accuracy, precision, 

recall, F1-score, and area under the ROC curve (AUC-ROC). 

 

D. MODEL OPTIMIZATION AND HYPERPARAMETER TUNING: 

Perform model optimization by tuning hyperparameters, such as the number of trees in Random Forest, kernel type in 

SVM, regularization strength in logistic regression, and learning rate in gradient boosting. 

Utilize techniques like grid search or random search to efficiently explore the hyperparameter space and identify optimal 

configurations that maximize model performance. 

 

E. BROWSER EXTENSION DEVELOPMENT: 

Develop a browser extension compatible with multiple web browsers, such as Chrome, Firefox, and Edge, using 

appropriate web development technologies like HTML, CSS, JavaScript, and browser extension APIs. 
Integrate the trained machine learning model into the extension's backend to enable real-time phishing site detection. 

Implement user interface elements, such as pop-up alerts, color-coded indicators, and informative tooltips, to notify users 

about potential phishing sites and provide actionable insights. 

 

F. EXTENSION DEPLOYMENT AND TESTING: 

Deploy the developed browser extension to respective extension stores or repositories for public access. 

Conduct rigorous testing and validation of the extension across different browsers and operating systems to ensure 

compatibility, functionality, and performance consistency. 

Evaluate the extension's effectiveness in detecting phishing sites by simulating real-world scenarios, including visiting 

known phishing URLs, accessing suspicious emails, and navigating to deceptive web pages 

 

IV. SYSTEM ANALYSIS 

 

A. EXISTING SYSTEM 

The present practice of phishing site identification by using browser extensions often employs static rules, blacklists and 

heuristics as the means of determining the potential threats. This is mainly achieved through automated detection methods 

which can, for instance, use pre-defined patterns or known indications of phishing behaviour, e.g. through analyzing the 

URL, domain age, validity of the SSL certificate or website content. On the other hand, this might be problematic in the 

case where an AI may fall behind the advanced phishing methods or sophisticated attacks. 

 

Besides, some existing systems which involve community participant's feedback and algorithms emphasize 

trustworthiness. These algorithms are reputation-based. However, these methodologies could be overshadowed by 

possible false positives or negatives while they improve the user experience and could lead to user distrust. 
 

In short, the present methods of phishing detection on the base of chrome extension performance are a good barrier but 

maybe not as flexible as required, accurate and real-time that advanced machine learning-based solutions can deserve. 
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B. PROPOSED SYSTEM 

The proposed project is also distinctive in that it has an anti-cybersecurity element which is vice versa for malicious online 

activities. Rather than merely applying the fixed rules or list of bans the extension will endlessly be aware of the new data 

and user experiences, thus is capable of changing the ways of detection based on the changing phishing habits. In this 

responsive model will be reduced the wrong positives or negatives to have the right effectiveness. 

 
Furthermore, it will focus on educating users about their rights and also educate them about potential phishing threats 

and the providers of the service will alert, tip and provide educational materials when the detection of such phishing 

threats is done. Through this reactive strategy, the organization wants to endow their users with the exhortation and the 

guidelines on how to recognize and avoid these attempts, to add strength to their security stance. 

 

Considering all the above and beyond that all features are readily supported on multi-browser platforms; this leading- edge 

machine learning algorithm is highly reliable; proactive security measures are taken to prevent phishing; and user 

education activities run, this phishing detection extension offers a better solution. 

 

By creating a state-of-the-art phishing detection extension, we are taking a step beyond existing options with our unique 

feature set. On the market, your browser gives the chance to run on multiple web browsers, from Chrome to Edge, 
Mozilla Firefox and others. This multi-browser support ensures that it’s not only those users who have installed the plug-

in but also all users with their preferred web browser who can take advantage of its phishing detection capabilities. 

 

While our extension will also have machine learning algorithms such as the Random Forest classifier to help in the 

detection, the accuracy will be increased. During the real-time analysis, this extension determines URL characteristics, 

user behavior patterns, and site content, so to level phishing websites's risk with a high detection precision and prevent 

users from becoming victims of malicious attacks. 

 

V. IMPLEMENTATION 

 

TABLE 1: Showing and describing the used equipment 

 

Equipment Specification 

Programming Languages Python, HTML, CSS, JavaScript 

Data Showing CSV, Excel 

Operating System Windows, iOS, Linux 

RAM 8 GB and Above 

 

Used Software 

VS code, Web browser (Google, 

Firefox, Brave, 

etc..) 

 

Fig. 1.Flow chart 

(represents the flow chart of Multi Browser supporting Extension for Phishing Detection using Machine 

Learning) 
 

 

Fig. 2. General Work Flow 

http://www.ijirset.com/
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VI. RESULT 

 

The research outcomes indicate that a new extension that supports multiple browsers for phishing detection through 

machine learning was developed successfully. Thanks to data cleaning, feature engineering, and model development, the 

extension allows users to get information in real time and shows high accuracy in discerning phishing sites. Random 

Forest Classifier algorithm, in addition to several browser compatibles, significantly increases the extension's power and 
reach to a broad range of internet browsers. Testing user feedback as well as scenarios have indeed proved the extension's 

operation and usability qualities, which reflects the power of the extension in proactively fighting phishing and putting 

away cyber threats. The project result, with a machine learning-powered solution as backup, emphasizes the crucial nature 

of helping develop more efficient cybersecurity defences and, thereby, a safer online user environment. 

 

Fig. 3. Output 

 

In fig. 3. This output shows that this website is phishing. 

 

VII. CONCLUSION 

 

To summarize, the designing of a Chrome extension using machine learning methodology for the detection of phishing 

links presents groundbreaking research in the cybersecurity world. Through the usage of machine learning irregularities, 

called the Random Forest classifier, this project has illustrated that it can bring efficacy in real-time to tackle phishing 

scam attacks. The extension's powerful features to follow URL attributes, user behavior, and content of the website all 

contribute to the capability of the extension for making decisions to classify the trustworthiness of the websites and thus, 

enhance the protection of users from phishing. The project's methodology was based on the data preprocessing, feature 

creation, and model fit that became the core of ensuring the extension accuracy and phishing site detection reliability. The 

data sets with different sources shaped the machine learning models. The feature selection used backed up these models 

and the hyperparameter tuned them up. Unlike wise, complements for multiple browser support, Chrome, Firefox, and 
Edge, the extension would be accessible and convenient on different types of webs throughout. The main strength of this 

project is the fact that it has a proactive approach to cybersecurity, where the user inquiries of any possible phishing threats 

and these sites are noticed before a given user becomes a victim of some fraudulent activities. The extension's 

functionality of showing live notices and alerts based on data processing helps eliminate communication delays and take 

quick action against phishing attacks. Additionally, the iterative process, which includes user feedback and ongoing model 

refinement, aims at maintaining the extension`s performance and adaptability to different phishing methods used. The 

deployment and testing of the project included fully checking and evaluating the extension while it was working on a lot 

of browsers and operating systems. Testing rigorous settings such as the simulated phishing attack and user interaction 

simulations not only helps me to see the extension efficacy but also gives me feedback on user experiences of the 

extension to be improved. The input of the users and the reviews through the reviewing process had been the essence of 

shaping the extension to fit the various users' needs. Hence, it the reviews allowed to improve the functionality, the 
design, and the user interface, therefore increasing the satisfaction of the customers. 

 

Overall, the outcome of this project could bring up a notion, which is that machine learning-driven solutions have a good 

prospect in fighting cyber threats, particularly in phishing detection. It is worth noting that this extension project 

exemplifies the significance of digital defence technology applications that can help in elaborating cybersecurity 

measures as well as protecting users from emerging online threats. Though cybersecurity is seen as coming of age, its 
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further advancement is essential in the face of cyber thieves and maintaining security online for all users. At the very core 

of the extension developed in this project, one can see its effectiveness in the detection of phishing sites and direct alerts 

in real-time. Scalability and adaptability have also been demonstrated. The modular construction and optimization with 

machine learning algorithms enable simple modification by adding additional functionality and making the model’s 

update feasible to combat the upcoming phishing methods. Its security assurance empowers extension to remain up-to-

date and relevant addressing new cybersecurity threats and delivering long-term value to users, consumers and 
organizations. Also, the successful introduction of this extension and favourable user response proves that it has a 

valuable practical use and user acceptance. This browser extension helps users observe proactive phishing protection, 

etc., which plays an essential role in raising the security posture for which the consequences of financial losses, data 

breaches, and identity theft could be reduced. This fine-tuning, deliberating with information security experts, and 

incorporating sophisticated technologies will subsequently make them more potent to protect users from the threats 

online. 
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