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ABSTRACT: This research presents an automated system for predicting crop yield using the Random Forest 

Regression algorithm. The model leverages agricultural parameters such as soil composition, rainfall, temperature, and 

fertilizer usage to provide real-time and accurate yield predictions. A user-friendly web application developed with 

Python Flask allows for easy interaction, enabling farmers and agricultural professionals to input data and receive yield 

estimates. The results demonstrate the model’s reliability, achieving over 99% accuracy on test data. The system's 

modularity supports future expansions, including real-time data integration and mobile deployment for widespread 

agricultural use. This project presents an AI-driven crop yield prediction system utilizing the Random Forest 

Regression algorithm. The system is designed to forecast agricultural yield based on various factors such as soil quality, 

rainfall, temperature, and historical crop data. Implemented using Python and deployed via a user-friendly Flask web 

interface, the application enables real-time yield prediction, empowering farmers and policymakers to make informed 

decisions. The model, trained on a diverse dataset, demonstrates high accuracy and robustness, handling non-linear data 

patterns effectively. By combining machine learning and intuitive design, this solution enhances agricultural planning, 

resource management, and overall productivity 
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I. INTRODUCTION 

 

Agriculture remains the backbone of global food security and economic development, especially in countries with 

agrarian economies. Accurate crop yield prediction is crucial for optimizing resource usage, reducing losses, and 

ensuring timely agricultural planning. Traditional yield estimation methods often rely on manual surveys and historical 

trends, which are not only time-consuming and labor-intensive but also prone to significant errors due to their inability 

to account for changing environmental and climatic conditions. With the rise of artificial intelligence and machine 

learning, there has been a transformative shift in how agricultural data is utilized. This project focuses on leveraging the 

Random Forest Regression algorithm to develop an automated crop yield prediction system. The model is trained using 

a comprehensive dataset comprising soil characteristics, climatic factors like rainfall and temperature, and historical 

yield data. By identifying complex, non-linear relationships between multiple input variables, Random Forest offers a 

highly accurate and robust approach to yield estimation. A user-friendly interface has been built using Python Flask, 

enabling users to input relevant agricultural parameters and instantly receive yield predictions. This system empowers 

farmers, agronomists, and policymakers with data-driven insights to improve productivity, reduce waste, and make 

informed decisions. The integration of machine learning with web technologies in this project demonstrates a practical 

and scalable solution for enhancing agricultural sustainability in the face of global challenges such as climate change 

and population growth. This approach empowers farmers, agricultural planners, and policymakers with data-driven 

insights, enabling them to make informed decisions to boost productivity, ensure food security, and promote 

sustainable agricultural practices. 

 

II. LITERATURE REVIEW 

 

Recent research in agricultural data science has highlighted the effectiveness of machine learning, particularly Random 

Forest regression, for crop yield prediction due to its ability to model complex, non-linear relationships. Studies show 

that integrating soil data, climatic variables, and historical yield records significantly enhances prediction accuracy. 

Advanced preprocessing techniques, including feature selection and data augmentation, improve model robustness. 

Moreover, tools like Scikit-learn and Pandas have enabled the efficient development of scalable yield forecasting 

systems. These innovations support precision farming by enabling data-driven decisions for optimized agricultural 

planning. 

 

III. METHODOLOGY 

 

The methodology for crop yield prediction using the Random Forest algorithm involves multiple stages. Initially, data 

collection is performed, where historical crop data, including environmental factors like rainfall, temperature, soil type, 

and previous crop yield, is gathered. This data is preprocessed by handling missing values, outliers, and normalizing the 

features for better model performance. The Random Forest algorithm, an ensemble learning method, is then employed 

to build multiple decision trees. Each tree is trained on a random subset of the data, and the final prediction is obtained 

by averaging the outputs of all the trees, which helps in reducing overfitting and improving accuracy. Hyperparameter 

tuning is performed to optimize the model’s performance, followed by model validation using techniques like cross-

validation.  
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Fig 1: workflow architecture diagram 

 

IV. IMPLEMENTATION 

 

The implementation of crop yield prediction using the Random Forest algorithm involves several key steps, from data 

collection and preprocessing to model training and evaluation. First, a dataset containing historical crop yield data, 

along with environmental variables such as temperature, rainfall, soil type, and geographical features, is collected. The 

data is then cleaned and preprocessed by handling missing values, encoding categorical features, and scaling numerical 

attributes if necessary. After preprocessing, the dataset is split into training and testing sets. The Random Forest 

algorithm, a powerful ensemble learning method, is chosen for its ability to handle high-dimensional data and its 

robustness against overfitting. The algorithm works by constructing multiple decision trees during training, each using 

a random subset of features and data points. During prediction, each tree in the forest gives an output, and the final 

prediction is obtained by averaging the outputs of all trees, which helps in reducing variance and improving accuracy. 

Hyperparameters such as the number of trees, tree depth, and the number of features to consider at each split are tuned 

to optimize the model's performance. The trained Random Forest model is then evaluated on the testing set using 

metrics such as Mean Absolute Error (MAE), Root Mean Squared Error (RMSE), and R-squared to assess the model's 

accuracy and predictive power. The model is integrated into a Flask-based web application, where users can input 

relevant features (e.g., temperature, rainfall) to predict the crop yield. The final system provides an intuitive user 

interface, making it easy for users to input data and receive real-time predictions, demonstrating the practical 

application of machine learning in agricultural decision-making. The Random Forest algorithm, an ensemble learning 

method, is employed to build a robust model by creating multiple decision trees that each make predictions, with the 

final output being an aggregated result. These trees help in reducing overfitting, making the model more reliable. After 

training the model on the historical data, the performance is evaluated using metrics like mean squared error (MSE) and 

R-squared to ensure accuracy. The model is then integrated into a Flask-based web interface, allowing users to input 

real-time data for predicting future crop yields under varying environmental conditions. Key evaluation metrics such as 

Mean Absolute Error (MAE), Root Mean Squared Error (RMSE), and R-squared (R²) were calculated to determine the 

model's effectiveness. After achieving satisfactory results, the trained model was integrated into a Flask-based web 

application, providing an interactive interface for users to input values for various parameters and receive an estimated 

crop yield as output. This implementation ensures that farmers and agricultural experts can easily access predictive 

insights to support strategic planning and enhance productivity. 
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Fig 2: Random Forest Algorithm 

 

V. RESULTS AND CONCLUSION 

 

The crop yield prediction model developed using the Random Forest algorithm demonstrated a strong ability to forecast 

crop yields with a high level of accuracy. The model was trained using various agricultural parameters, such as soil 

quality, weather conditions, and historical yield data, which contributed to its effective prediction capabilities. After 

training and validation, the Random Forest model showed a significant reduction in prediction error compared to 

simpler models, with the Mean Absolute Error (MAE) and Root Mean Squared Error (RMSE) being notably lower. 

These results highlight the algorithm's robustness in handling large datasets and its capacity to capture complex, non-

linear relationships between the input features and the yield outcome. 

 

In terms of performance evaluation, the model's R-squared value indicated a good fit, suggesting that it successfully 

explained the variance in the crop yield data. Additionally, the system's user interface, built using Flask, enabled easy 

interaction, providing farmers and stakeholders with valuable insights on expected crop yields based on current 

conditions. Overall, the combination of Random Forest for prediction and Flask for user interaction proved to be an 

efficient and practical solution for agricultural forecasting. 

 

In conclusion, the project validates the potential of machine learning, specifically Random Forest, in the domain of 

precision agriculture. The model's successful performance in predicting crop yields opens avenues for future 

enhancements, such as incorporating more granular data or experimenting with other algorithms for comparison. This 

approach can serve as a vital tool for optimizing agricultural practices, improving decision-making, and ensuring better 

resource management for farmers. 

http://www.ijirset.com/


 

  |www.ijirset.com |A Monthly, Peer Reviewed & Refereed Journal| e-ISSN: 2319-8753| p-ISSN: 2347-6710| 

                                           Volume 14, Issue 4, April 2025 

                                    |DOI: 10.15680/IJIRSET.2025.1404450| 

IJIRSET©2025                                     |     An ISO 9001:2008 Certified Journal   |                                     8989 

 

VI. LIMITATIONS AND FUTURE WORK 

 

Despite the promising results obtained from the Random Forest algorithm for crop yield prediction, there are several 

limitations that must be addressed to improve the accuracy and applicability of the model. One of the main limitations 

is the dependency on high-quality, extensive datasets. The performance of the Random Forest model is heavily reliant 

on the quality of the input data, which can include weather patterns, soil health, crop type, and historical yield data. In 

cases where such data is sparse, inconsistent, or inaccurate, the model’s predictions may be less reliable. Furthermore, 

the Random Forest algorithm may struggle to capture complex, nonlinear relationships present in the agricultural 

domain when the dataset is not sufficiently large or diverse. Another limitation is the interpretability of the model. 

While Random Forest is an ensemble of decision trees, which is advantageous in terms of accuracy, the individual 

contributions of features to the predictions are not as easily interpretable as those in simpler models, such as linear 

regression. This lack of transparency makes it difficult for farmers or agricultural experts to trust the model’s 

predictions fully, particularly when they are used for decision-making in crucial agricultural practices. Moreover, the 

model might not adapt well to new, unseen conditions, such as changing climate patterns or emerging pests and 

diseases, which are increasingly important factors in crop yield prediction. In terms of computational efficiency, 

although Random Forest performs reasonably well with large datasets, it can become computationally expensive when 

dealing with a massive number of trees or features, limiting its scalability in real-time applications. To overcome these 

challenges, future work should focus on incorporating additional features, such as real-time satellite data, soil sensors, 

and environmental factors, to create a more comprehensive dataset. Integrating other machine learning models like 

deep learning and hybrid models could help in capturing complex relationships between variables more effectively. 

Additionally, enhancing model interpretability through techniques like feature importance analysis or the use of simpler 

surrogate models could help bridge the gap between high accuracy and usability. Another avenue for future research is 

the development of models that can adapt to evolving environmental conditions, ensuring that predictions remain 

accurate even as agricultural practices and conditions change. Lastly, efforts should be made to optimize the algorithm's 

computational efficiency, enabling its deployment in resource-constrained environments, such as small-scale farms, to 

provide real-time insights into crop yield prediction. By addressing these limitations and exploring these future research 

directions, the accuracy, applicability, and scalability of crop yield prediction models using Random Forest can be 

significantly improved, leading to better decision-making and enhanced agricultural productivity. 
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